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W QIR A SRR R S -

TR AL R B R A1 SR P B O A FH IE 5
s G UCHC E 4 2 B E st R A A (Digital Surface
Model, DSM) - BLjsk/ b [A] r 72 1 fir 3 e e 2R Y T
BRICZAN > e 208 i T B IS
R LR E RO E A AT HE IR - JHPRI
T Bt IR L S 2L > e AR R L R
AFETH B UHIEE (Ham et al., 2021)
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5. &imEiER

A ST A FH R T 5 515 B 22 08 O FH B 1 3t
tE g L SRR - DIEE R B
K MER T R & s s BB RN SR B
LR EEEAEN 2 -

LB B AR T RIER B 20808 B T b ] LT
RIERNEE - DEEE D EIREEE BT R REEK
R #EHER (F1-Score) 4 74% @ A [H[Z (Recall)
ZEE] 90% - 5 REE(EMNIRIR Bl FE R R K S22
fAHRR - 2RI EE ES SRR G TS &Sy
WA HARRR - SB AR S 2R R IE
S BREEESAL - (R B AR 5| SR
PRI TE S 52 15 v o 2 i ] 0L 22 02 7 ) B - St [ o 7
ViimEra S 7 (8 9(c) ~ (d) @ PR EEEBAE
HIFFERCR ZAEE - s BRiE ] FFEEE M

AR - b8 - AEEE Z ENEEREER I ER
5 - A& EEE A —2 ([ 9(a) ~ (b)) » HE%
JEEER BRI AE (S B s 5l = 22 B B AV AE
BRI - glREEE MR 2R -
B EERHE T A R RIIRS] > 7E&EER
R AR RACT RS EEFRER - DI
BEERAIHRE

(d)108 FIEH G S
208 B E
(AL © EYiRET)

9 FREESAREE

@mmﬁﬁ%%@é%
EEEAE T E
(BE(0 - EYIEmET)

(Teo, 2019) » DUFEFHEMIATAEE -
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Building Detection from Aerial Orthoimage Using Deep Learning
Technology

Tee-Ann Teo ! Yu-Ju Fu 2

Abstract

Building model is an essential element in a topographic map. In order to improve the automation of building
extraction, this research uses deep learning technology to identify building regions and changed areas from multi-
temporal aerial orthoimage. The building polygons from Taiwan e-Map and corresponding aerial orthoimage are
combined to generate the training dataset for deep learning. The building regions are automatically predicted by
multispectral orthoimage using convolutional neural network. Then, the change detection compares bi-temporal
building regions from deep learning in two seasons. The experimental results indicated that the F1-score and recall
in building detection were 74% and 90%, respectively. The error is mainly caused by the relief displacement of
building. Moreover, the accuracy of change detection is mainly related to the size of building area.
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